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Much of the scholarly debate on tolerance re-
volves around issues of conceptualization

and measurement (Gibson and Bingham 1982;
Harell 2010; Sullivan, Piereson, and Marcus 1982).
These ongoing debates have sharpened concep-
tual frameworks and improved methods, thereby
advancing theory and refining research results
(Hurwitz and Mondak 2002). Although signifi-
cant progress has been made over the past sixty
years, our basic conceptions of tolerance still have
important shortcomings (Harell 2010). Two no-
table examples include the narrow focus of the
research on political considerations and a limit-
ing methodological approach that relies heavily
on additive scales. In this article we propose a
new approach to tolerance that extends beyond
considerations of civil liberties into the realm
of personal relationships. Drawing from the so-
cial distance literature, we include measures that
help us more accurately reflect the full scope of
tolerant attitudes exhibited in society and not
just the political. In addition, we argue for an
improved methodology, demonstrating that la-
tent class analysis provides enhanced model fit

and more nuanced results when compared to the
use of traditional additive scales. Whereas tradi-
tional methods simply show that respondents are
more or less tolerant, our approach demonstrates
that respondents are more accurately assigned
to one of four tolerance categories: generally in-
tolerant, politically tolerant, generally tolerant,
and privately tolerant. To fully understand the
ramifications of this broader approach, we must
begin with a review of the conceptual and opera-
tional schemes most commonly used in foregoing
tolerance research.

Literature Review

The Political Nature of Tolerance
Much of the work on tolerance in the social sci-
ences has been done by political scientists, who
regularly define tolerance politically. Sullivan,
Piereson, and Marcus (1982:76) assert that “po-
litical tolerance exists when respondents allow the
full legal rights of citizenship to groups they them-
selves dislike.” Other definitions vary slightly, but
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they generally agree that tolerance involves a will-
ingness to allow expressive activities and extend
civil liberties to people with disliked opinions or
lifestyles (Harell 2010). This approach is entirely
appropriate given the focus of scholars within the
political science discipline, and the results of their
research have provided us with a variety of help-
ful insights into the nature of tolerance. However,
focusing narrowly on civil liberties unnecessar-
ily limits the potential range of social impacts
of tolerant attitudes. Other, more sociological,
dimensions should also be considered.

The word tolerance is derived from the Latin
word tolerare, which means “to bear or endure.”
More specifically, it is an attitude which cor-
responds with a willingness to put up with a
person or behavior that one finds objectionable.
Though it is clearly important to closely exam-
ine the issue of tolerant attitudes regarding free
political expression and civil liberties, there is
no reason that the concept should be limited
exclusively to these activities. Frameworks for
tolerance could also extend to the interpersonal
level. For instance, how would one who dislikes
Muslims respond if a Somali family moved next
door? Would she peacefully coexist with her new
neighbors? Or would her dislike lead her to be-
come inhospitable or perhaps harassing? If more
Somalis moved into the neighborhood, could it
induce white flight? Or to take another example,
would a person who objects to Christian funda-
mentalists befriend a new conservative Christian
coworker, or would he alienate him and seek to
undermine his reputation in the office? These
brief examples demonstrate that even at the in-
terpersonal level, tolerant or intolerant attitudes
and actions have important social significance,
yet the majority of the existing social science
literature on tolerance ignores this aspect of it.
Golebiowska’s (1996, 2000, 2001) work is among
the few to conduct in-depth analyses of tolerance
at both the interpersonal and civic levels, but
her studies are limited to tolerance of racists and
homosexuals. They also focus narrowly on the
impact of stereotypic beliefs, which she shows
influence tolerant responses. Though her work
is helpful, more needs to be done to expand on
her initiative to combine the interpersonal with
traditional civic measures of tolerance.

One might expect that sociologists, who are
not limited to political considerations, would have

a broader perspective on tolerance. Though there
are notable exceptions (Côté and Erickson 2009;
Edgell, Gerteis, and Hartmann 2006), this is not
generally the case. For instance, Burdette, Elli-
son, and Hill (2005) provide a thorough review of
the literature on tolerance toward homosexuals.
Each of the ten studies in their analysis uses a
civil liberties scale to measure tolerance. This
emphasis on political tolerance is partially driven
by the fact that these and other sociological stud-
ies on tolerance rely heavily on the General Social
Survey (GSS), which measures tolerance based
on whether one would allow members of vari-
ous disliked groups to speak publicly, teach in a
college or university, or have a book in a public
library. Again, these civil liberties measures of tol-
erance are important, but ignoring the effects of
tolerance on private, interpersonal relationships
greatly limits the scope of our understanding of
this issue.

Although much of the tolerance research in
sociology focuses on civil liberties, another deep
vein of sociological inquiry widens the scope of
analysis. In the 1920s, Emory Bogardus pio-
neered a series of studies on social distance, which
he defined as “the degree of sympathetic under-
standing that functions between person and per-
son, between person and group, and between
groups” (Bogardus 1959:7). In this line of re-
search, which is widely influential to this day,
scholars are concerned with the degree to which
a respondent views members of a different group
as acceptable or objectionable. The Bogardus
(1959) social distance scale asks respondents if
they would accept members of an out group as
close relatives by marriage; close personal friends;
neighbors on the same street; coworkers in the
same occupation; citizens in my country; only vis-
itors in my country; or would exclude them from
my country. Responses are placed on a scale, and
each group’s rank on the continuum provides an
indication of the degree of intimacy the respon-
dent feels toward members of that group. Results
are used to determine which groups in a society
are more socially close and which more distant
(Parrillo and Donoghue 2005). These findings
are then employed to uncover linkages between
social distance and prejudice, hostility, discrimi-
nation, and other social phenomena (cf. Halperin,
Pedahzur, and Canetti-Nisim 2007; Weaver 2008).
Social distance theory and research is an integral
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part of new theoretical developments in sociology,
particularly symbolic boundaries theory (Lamont
and Molnar 2002).

Social distance research has been applied to a
wide variety of contexts (see Parrillo and Dono-
ghue 2005 and Ethington 1997 for reviews). This
approach tends to be more relational than civic,
emphasizing the affective nature of personal inter-
actions instead of public or political concerns, and
as such it is more commonly applied to research
on prejudice and not tolerance. If, however, tol-
erance is a willingness to put up with a person
or behavior that one finds objectionable, accept-
ing persons from disliked groups as neighbors
and coworkers would clearly fit the definition of
tolerance. While the literature emphasizes the
linkages between social distance and individual
and institutional discrimination (Parrillo 2006),
it says little about the discrimination that occurs
at civic levels. The opposite is true for most tol-
erance research. Because these different levels are
regularly considered separately, we lose the oppor-
tunity to gain a more comprehensive perspective
on tolerance. For instance, individuals may dis-
criminate against homosexuals individually and
institutionally, yet feel little reason to limit their
free speech rights or their ability to participate
in political rallies. The opposite might be true
of abortion (or anti-abortion) activists. With
regard to communists, some may feel both intol-
erant and socially distant toward them. These
distinctions are theoretically important and have
significant social consequences. For this reason,
we argue that our conception of tolerance is more
complete if we extend it to include measures from
the social distance scale along with those relating
to civil liberties. In addition to providing a more
comprehensive description of tolerance, we will
demonstrate that combining the social distance
and tolerance measures into one broad tolerance
measure is better methodologically, as it produces
models that fit the empirical data better than
traditional methods. In the section that follows,
we provide a brief overview of these traditional
methodologies for studying tolerance.

The Unidimensional Nature
of Tolerance
Research on tolerance is usually conducted using
one of two methods. The first is based on a strat-

egy that was pioneered by Stouffer (1955). In
this approach, which is used in adapted form in
the General Social Survey, respondents are asked
questions about tolerant responses to five diverse
target groups (anti-religionists, socialists, racists,
communists, militarists, and homosexuals). The
second approach, developed by Sullivan, Piere-
son, and Marcus (1979), uses a content-controlled
method. Sullivan and his coauthors argued that
tolerance can only be directed toward groups that
one dislikes. Thus, their method first guides re-
spondents through a process that enables them
to select their least liked group. Once this least
liked group is identified, a series of free speech
and civil liberties questions is asked about this
group. The usual result for each of these com-
mon approaches is a scale measuring responses to
varying questions about whether or not the group
in question should be able to conduct rallies, run
for office, teach, be free from government mon-
itoring, and so on. Using these scales, models
are developed to determine which factors might
make respondents more or less tolerant.

With each of these approaches, multiple mea-
sures are used to assess one’s level of tolerance
for disliked groups. While these data offer re-
searchers the opportunity to uncover nuanced
patterns of responses, the preponderance of stud-
ies using these methods operationalize the con-
cept of tolerance unidimensionally. Respondents
are simply placed on a continuum of more or less
tolerance depending on the number of intolerant
responses that they give for their disliked groups,
and the resulting scale is used for analysis. This
unidimensional approach is so entrenched that
James Gibson, a leading researcher in the field,
has noted that any suggestion “that tolerance
and intolerance do not define the end points of a
continuous, unidimensional construct is a terribly
important deviation from a long line of research
on tolerance” (Gibson 2005a:313–14). Gibson
(2005b:344) later argues that “conventional wis-
dom [about the unidimensional nature of toler-
ance] is wise and should remain conventional.”
We disagree. By definition the unidimensional
approach provides a very narrow perspective on
an issue that is complex and multidimensional.
The complexities of tolerance extend beyond mat-
ters of degree as they are conceived of in the scales
described above. People are intolerant for differ-
ent reasons and they put up with objectionable
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groups (or refuse to) in different ways. Thus, as
Harell (2010) notes, we need more “conceptual
room” to distinguish between different types of
tolerance.

The social distance methodology is very simi-
lar in its reliance on unidimensional scales for
its analysis. As we described above, respon-
dents are presented with a series of responses
to members of select groups. (Would you accept
them as extended family members, neighbors,
coworkers, etc.?) These responses are placed on
a scale to measure the magnitude of social dis-
tance. Although, like tolerance, social distance is
complex and multifaceted, it too is consistently
operationalized on a single continuum (Karakay-
ali 2009). Moving beyond the unidimensional in
both of these areas can help us better theorize
about people’s reasons for, and approaches to,
intolerance.

In this paper, we take a step toward devel-
oping a broader, multifaceted conceptualization
of tolerance by operationalizing social distance
measures to add a private dimension to the con-
ventional civic considerations. Our emphasis on
uncovering the underlying multidimensionality
that is often not apparent when using traditional
analytical techniques follows a recent trend in
other social scientific studies of political public
opinion (Baldassarri and Gelman 2008) and racial
demography (Maralani 2013). Using this multi-
dimensional approach, we propose four different
profiles of tolerant responses, which emerge from
our analysis of the empirical data. These pro-
files, which are described in detail below, provide
us with a new way to think about tolerance—
one which breaks free from typical political con-
straints and adds new dimensions to the tradi-
tional unidimensional tolerance continuum. We
argue that this approach opens new doors for
understanding tolerance, which in turn provides
new opportunities to reexamine existing theories.

Predictors of Tolerance
Conceptualizations of tolerance are important be-
cause they affect our understanding of the key
predictors and outcomes of tolerant behavior. In
this research we demonstrate that our multidi-
mensional approach provides more accurate and
nuanced insight into the factors that are linked to

tolerant and intolerant behavior. Prior research
has uncovered correlations between tolerant atti-
tudes and a variety of social characteristics. Age
is one important predictor, with older people
tending to exhibit less tolerance than younger
(Cutler and Kaufman 1975; Davis 1975). Gen-
der is also significant in that women tend to be
more reluctant than men to afford civic rights
to their least liked groups (Golebiowska 1999;
Marcus et al. 1995). Most studies from Stouf-
fer on have established a clear link between re-
ligion and intolerance (see Eisenstein 2006 for
a review). However, Eisenstein’s (2006) recent
work suggests that when relevant psychological
and political predictors of tolerance are added,
correlations between religion and intolerance are
insignificant. Other studies have established a
positive relationship between tolerance levels and
education (Bobo and Licari 1989; McClosky 1964;
Prothro and Grigg 1960). Finally, research has
shown that tolerant responses are greatly influ-
enced by contextual factors such as intergroup
contact and perceived threat (see Schlueter and
Scheepers 2010 for an extensive review of the con-
tact and threat theory literatures); social capital
development (Cigler and Joslyn 2002; Putnam
2000; Warren 2001); and macropolitical culture
(Sullivan et al. 1985; Weldon 2006). These key
predictors will be incorporated into our models
to compare outcomes of unidimensional and mul-
tidimensional conceptions of tolerance.

Data, Methods, and Variables

Data
The data for this study is taken from the Henry
Institute National Survey on Religion and Public
Life, a nationwide phone survey of 3,002 Ameri-
cans conducted in April 2008. Households were
selected for participation in this survey using
random-digit dialing (RDD). One adult respon-
dent was selected at random within each house-
hold. Surveys were conducted in Spanish if re-
quested by the respondent. The data were
weighted to match the gender, race, and age dis-
tribution of the United States and to account
for survey design characteristics, including non-
response. All reported analyses use these survey
weights.

sociological science | www.sociologicalscience.com 515 November 2014 | Volume 1



Mather and Tranby New Dimensions of Tolerance

The response rate1 for the Henry survey was
30 percent, a rate that compares favorably with
what most recent national RDD-based studies
have been able to achieve (CMOR 2003). When
deciding on an acceptable response rate, the most
important consideration is the potential for nonre-
sponse bias. The limited research on this issue re-
veals few differences between higher response rate
(51 to 60 percent) and lower response rate (27 to
36 percent) RDD surveys on standard measures
when standard sampling and survey techniques
are employed (Keeter et al. 2000). Moreover,
RDD surveys, conducted with standard sampling
and survey techniques, yield samples not signifi-
cantly different from high response rate govern-
ment surveys (Pew Research Center for People
and the Press 2004). While new research is be-
ginning to evaluate different survey designs that
address concerns about noncoverage, including
households with no phone or no landline phone
(Link et al. 2008), the methods used for this
study conform to conventional approaches and
results.

Methods
Identifying Least Liked Group

One section of the Henry survey focuses on the
issue of political and social tolerance. Using meth-
ods adapted from Sullivan, Piereson, and Marcus
(1982) and Eisenstein (2004), this survey first
led respondents through a series of comparative
questions to help them identify their least liked
group (LLG). Respondents were also given the
opportunity to name a group that was not listed
in the comparative categories. In the course of
our analysis, we reclassified as many of these
individually selected groups as was reasonably
possible. For instance, if a respondent selected
the Ku Klux Klan as their LLG, we recoded their
LLG as being “Racists.” Other individually se-
lected groups occurred frequently enough that we
added them as categories in Table 1, including
liberals, conservatives, criminals, and politicians.
The “other” category includes those who selected
unique groups as their least liked group. Table 1
provides a list of the LLGs along with descriptive
statistics for each.

1We use the AAPOR Response Rate 2 calculation to
report the response rate (AAPOR 2011).

After they identified their LLG, respondents
were asked if these groups should be allowed cer-
tain civil liberties, or if they would personally
associate in different ways with members of this
group. The first three questions correspond to in-
creasing levels of political influence for the LLG—
the ability to hold public rallies and demonstra-
tions, to make political speeches in public, and
to hold positions of political authority. The next
question pertains to permitting members of the
LLG to teach in public schools, another common
measure in tolerance research. Finally, the last
two questions place the LLG in increasing de-
grees of personal proximity, asking respondents
if they would have the LLG as a neighbor or a
friend.2 This extends the tolerance measures into
areas that are more commonly addressed in the
social distance literature. In order to simplify the
subsequent analysis, we collapsed the response
categories into a dummy variable that was coded
1 if the respondent somewhat or strongly agreed
with the statement and 0 if they disagreed or had
no opinion.3 Table 2 provides a description of
respondents’ answers to each of these questions.

Latent Class Analysis

Thus far, methodologically, we have followed the
standard procedure for assessing tolerance. From
here, researchers would normally construct a con-
tinuous scale of the questions in Table 2 using
additive scaling, factor analysis, principal compo-
nents analysis, or some other technique, and the
resulting scale would be used to compare the de-
gree to which different respondents are tolerant or
intolerant. This is the point where our approach
differs from the standard procedure. We argue
that by creating a single scale of the responses to
the items in Table 2, and by conceptualizing polit-
ical and social tolerance as unrelated scales to be
investigated separately, we miss an opportunity
to uncover divergent patterns of responses.

2An additional question asked if members of the LLG
should have their right to petition in court limited. We
dropped this variable from our analysis because there was
very little variation in responses to this variable across
our latent classes and so it is not useful for measuring
variations in tolerance.

3Results of the latent class analysis using the full or-
dinal variable (available upon request) are substantively
identical to the results presented below but are more
difficult to interpret and so are not presented here.
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Table 1: Descriptive Statistics for Least Liked Groups

Which of these groups do you like least? %

Racists 29.16
Radical Muslims 19.57
Favor Military Rule 7.59
The U.S. Communist Party 7.39
Atheists 6.52
Homosexual Activists 4.53
Anti-abortion Activists 3.53
Christian Fundamentalists 2.53
Radical Environmental Activists 2.13
Criminals 1.46
Politicians 0.93
Liberals 0.80
Conservatives 0.80
Other 3.93
Don’t know/refused 9.06

Total 100.00

Our method seeks to give a fuller account of
the variation in how respondents answered these
questions by using latent class analysis (LCA)4 to
find compositional patterns in tolerant responses
to objectionable groups. LCA is a statistical
method that investigates whether a set of un-
observed classes can account for the association
among cross-classified indicator variables5 (Clogg
and Goodman 1984; McCutcheon 1987; Vermunt
2010). In other words, LCA postulates that vari-
ations in a series of related indicator variables
can be well represented by a few unobserved la-
tent classes. Typically, the categorical responses

4LCA is not a new technique, having been developed
in 1950 by Lazarsfeld and made applicable in practice
by Goodman (1974), who developed an algorithm for
obtaining maximum likelihood estimates of the model
parameters. However, it has only become widely used
in the social sciences in the past decade (Hagenaars and
McCutcheon 2002). Today, it is considered part of a
broader set of methods often referred to as finite mixture
modeling (McLachlan and Peel 2000).

5Latent class models are fit to the data using the
Newton-Raphson algorithm for maximum likelihood es-
timation. There are three potential problems with using
this algorithm: the possibility of nonidentified parame-
ters, the presence of local maxima, and the occurrence
of boundary solutions. We avoided these problems by
including more than five indicator variables, estimating
models with different sets of random starting values, and
close examination of the results to check for boundary
solutions (Vermunt and Magidson 2004).

are assumed to be independent given class mem-
bership (Lazarsfeld and Henry 1968; Vermunt
2010).

Two types of parameters are estimated in LCA
analysis. The latent class probabilities identify
the relevant prevalence of each latent class. While
this parameter can be thought of as the percent-
age of cases in each latent class, a more accurate
analogy would be a mixture or density model,
such that each respondent contributes some in-
formation to each latent class. The conditional
item probabilities are specific to a given class and
are the probabilities of observing that specific
characteristic in each latent class (McCutcheon
1987; Nylund, Asaparouhov, and Muthen 2007;
Vermunt 2010). We used the maximum likelihood
estimation in Latent Gold 5.0 to maximize the
log likelihood function specified by Vermunt and
Magidson (2004).

Determining the number of latent classes that
best fit the data is an issue that has not been
well resolved in the literature (Nylund et al 2007).
A variety of simulation studies indicate that the
Bayesian Information Criterion (BIC) is the best
statistic for deciding between different numbers of
latent classes in mixture modeling (Vermunt and
Magidson 2004; Nylund et al. 2007). The BIC
balances improvement in the likelihood caused
by adding additional groups with a penalty for
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Table 2: Descriptive Statistics for Least Liked Groups

Variable % agreeing

LLG Allowed to Publically Demonstrate 42.14
LLG Allowed to Make a Political Speech 45.06
LLG NOT Banned from Political Office 46.02
LLG Teach in Public Schools 21.47
Would Have LLG as a Neighbor 33.48
Would Be Friends with LLG 30.70

this addition. Unlike some other applications,
the smallest BIC score indicates the best-fitting
model to the data in LCA when using Latent
Gold 5.0. We also use the metric developed by
Kass and Wasserman (1995) to determine the
probability that each number of groups is the
correct model from a set of competing models. A
recent simulation study by Nylund et al. (2007)
indicates that a bootstrap likelihood ratio test
(BLRT), which uses bootstrapped samples to es-
timate the distribution of the log likelihood dif-
ference test statistic comparing two models, may
equal or exceed the performance of BIC in LCA.
Therefore, we also present the BLRT, with a
p-value less than .05 indicating a significant im-
provement in model fit. The model fit statistics
are presented in Table 3. The model that best
fits the data, using both the BIC and BLRT, is
the model with four latent classes.

As we describe in detail below, our finding
that a fourclass model is the best fit to the data in-
dicates that tolerance, as measured here, is not a
unidimensional concept that can be measured by
traditional OLS regression or the two-equation ap-
proach of a zero-inflated negative binomial model
(Mondak and Sanders 2005). Instead, our analy-

sis shows that tolerance is a categorical concept
in which people respond to questions measuring
tolerance in four different ways. We also briefly
use confirmatory factor analysis because it, along
with the related method of principal components
analysis, is often used to construct the unidimen-
sional tolerance scales described above. Confir-
matory factor analysis uses the common variance-
covariance characteristics of a set of observed
variables to test the validity of an underlying hy-
pothesized theoretical construct (latent variables)
(Schumaker and Lomax 2010). We use it below
to highlight that a unidimensional scale is not a
good fit to the data and that a two-dimensional
classification of political tolerance and social toler-
ance needs to account for the strong relationship
between the two concepts.

Finally, we link the latent class model to ex-
planatory variables or covariates to estimate how
membership in the latent classes varies along key
lines. We compare these models with a linear
regression in which the dependent variable is a
linear measure of tolerance constructed as an ad-
ditive scale, in which high scores are related to
more tolerant attitudes. We do this in order to
demonstrate the consequences of using the cate-

Table 3: Descriptive Statistics for Least Liked Groups

Number LL BLRT Probability
of # of Log- Difference (Bootstrap Correct

Clusters Params. Likelihood (Bootstrap) P -Value) BIC Model

1 9 −5108.18 — — 10259.54 0.00
2 19 −4624.93 — — 9343.39 0.00
3 29 −4548.80 152.26 0.00 9241.50 0.00
4 39 −4497.95 101.69 0.00 9190.17 1.00
5 49 −4493.06 9.78 0.32 9230.76 0.00
6 59 −4487.58 10.97 0.15 9270.16 0.00
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gorical approach proposed in the previous section
by comparing the results of latent class regres-
sion models and linear regressions using the same
set of independent variables. Table 4 provides a
description of, and the descriptive statistics for,
the explanatory variables used in this analysis.6
The independent variables include demograph-
ics (gender, marital and parental status, race,
socioeconomic status), religious affiliation and
belief, political affiliation, membership in a civic
organization, living in a large or diverse county,
and the extent to which the individual believes
their LLG will gain power in American society,
pose a threat to society, and pose a threat to
their family. These variables are included be-
cause prior research indicates their importance
for understanding tolerance, as described above.

In general, the latent class model is linked to
covariates using a three-step process.7 First, a
latent class model is built for a set of indicator
variables, as we have done above. Second, respon-
dents are assigned to latent classes based on their
posterior class membership probability (PCMP),
or the probability of belonging to each latent class
based on their observed pattern of responses. The
two most widely used partitioning methods are
modal assignment, in which respondents are as-
signed to the single latent class for which their
PCMP is the largest, and proportional assign-
ment, in which the respondents’ information is
assigned to a latent class in proportion to the

6Missing data on many of the independent variables
was imputed using hotdeck imputation for categorical
variables and regression-based imputation for continuous
variables. Our imputation used all the other variables
in the model, as is typical (Graham 2009). The average
amount of data imputed was 1 percent and never exceeded
5 percent. We would have preferred to use multiple impu-
tation because it has better statistical properties (Little
and Rubin 2002). However, multiple imputation is not
available in Latent Gold or other programs that can per-
form a latent class analysis with covariates. Therefore,
we use the single imputation methods in order to avoid
discarding cases with missing values. We did not impute
missing data on the variables used to generate the latent
classes.

7An alternative approach is the simultaneous estima-
tion of the latent class model of interest with a logistic
regression model in which the latent classes are related to
a set of covariates (Clogg 1981; Vermunt 1997; Yamaguchi
2000). This one-step approach has a number of disad-
vantages, including model-building problems, needing to
reestimate and refit the latent class model whenever a
covariate is changed, and an incompatibility with the logic
of applied, collaborative research (Vermunt 2010).

PCMP for that class. Modal assignment is the
simplest but introduces classification error into
the model, while proportional assignment is less
statistically efficient but has little classification
error (Vermunt 2010). Third, a standard multino-
mial logistic regression model is estimated using
the assignment of respondents to latent classes
as the dependent variable.

This three-step process is widely implemented
by researchers using LCA. However, the three-
step process has been shown through a series
of statistical simulations to seriously underesti-
mate relationships between covariates and class
membership, especially when classification error
is high (Bolck, Croon, and Hagenaars 2004; Ver-
munt 2010). Vermunt (2010) develops a three-
step maximum likelihood approach using the first
two steps described above. In the third step,
however, the assignment probabilities serve as a
single response variable with known measurement
error probabilities. Simulations show that this
approach yields more accurate estimates of both
the coefficients and the standard errors, partic-
ularly when used with modal assignment. This
method is also easily implemented in LCA soft-
ware. Therefore, we use this method with modal
assignment in the analysis that follows.

Results

Is Tolerance Unidimensional,
Multidimensional, or Categorical?
Table 5 provides the results of our latent class
analysis. The column on the left lists the various
responses to questions about tolerant responses
toward the LLG. The bottom rows of the table
show two measures of model adequacy: the av-
erage PCMP of cases that were assigned to that
class based on modal assignment and the percent-
age of assigned cases with PCMPs greater than
0.90. The relatively high probabilities for each
latent class indicate that using modal assignment
is unlikely to introduce substantial measurement
error. The remaining columns describe each of
the latent classes that were derived from our
analysis. We have named these classes generally
intolerant, politically tolerant, generally tolerant,
and privately tolerant. These labels describe the
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Table 5: Latent Class Analysis of Profiles of Tolerance

Latent Class
Generally Politically Generally Privately
Intolerant Tolerant Tolerant Tolerant

Latent Class Probability (%) 42.30 22.83 20.90 13.97
Conditional Item Probability:
Allowed Free Assembly (%) 11.33 82.05 86.62 4.31
Allowed to Make a Political Speech (%) 11.85 92.63 80.80 13.50
NOT Banned from Political Office (%) 15.15 72.37 80.13 46.74
Would Have as A Neighbor (%) 5.92 10.57 85.84 76.44
Would Be Friends With (%) 12.10 14.92 60.53 67.53
Teach in Public Schools (%) 7.13 25.93 53.81 8.55

Model Adequacy:
Average Posterior Class Membership
Probability 0.98 0.86 0.88 0.79

% of Posterior Class Membership
Probabilities < .90 74.14 47.97 57.77 45.10

Note: Cases were classified into a class following a modal assignment rule.

distinct differences that we observe in the four
profiles.

We call the most prevalent latent class, with
an expected probability in the population of 42
percent, the generally intolerant profile. Respon-
dents in this group are highly unlikely to be in
favor of granting members of their LLG the right
to publicly demonstrate (only 11 percent would
allow it), make a political speech (only 12 percent
would allow it), or the right to hold public office
(only 15 percent would not ban them from office).
In addition, 93 percent of respondents in this
group believe that members of their LLG should
not be allowed to teach in public schools. Finally,
the vast majority of respondents in this generally
intolerant group would not want members of the
LLG as neighbors or friends.

The second most prevalent profile is the politi-
cally tolerant profile. While this group is generally
permissive of their LLG in the civic realm, they
would prefer to hold them at arm’s length person-
ally. A relatively high percentage in this group
would allow members of their LLG to publicly
demonstrate, make a political speech, and hold
elected office. However, only a quarter of the
members of this profile would permit individu-
als from their LLG to teach in schools and even
fewer would have them as neighbors or friends.
Our findings here highlight the distinctiveness

of political tolerance, which can be contrasted
with the private tolerance listed below. It is also
important to note that research techniques which
rely strictly on political measures could easily
classify members of this group as highly tolerant,
missing the intolerance that they demonstrate in
the private realm.

We identify the third profile as the generally
tolerant profile. On the whole, respondents in
this profile are willing to afford members of their
LLG a broad range of political rights while also
being open to associating with them on a more
personal level. While their support for allowing
members of their LLG to teach in public schools
is only 53 percent, this level of support is much
higher than that of any other profile in the list.
Because our multidimensional approach is less
conceptually stringent than the traditional unidi-
mensional approach, we can call attention to a
segment of the population that is generally will-
ing to put up with objectional groups in a wide
variety of ways, without missing a result that fits
the theoretical notion that even the most tolerant
among us are often intolerant in some way.

The last profile is the smallest of the four, with
an expected probability of about 14 percent. This
profile we call privately tolerant. Members of this
latent class are quite likely to accept members
of the LLG as neighbors and friends, but they
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Table 6: 2 × 2 Table of Tolerance

Political Tolerance
Low High

Privately Generally
High Tolerant Tolerant

Private Tolerance (14%) (22%)

Generally Politically
Low Intolerant Tolerant

(42%) (22%)

Note: Cases were classified into a class following a modal assignment rule.

are unwilling to allow them to publicly demon-
strate, make a political speech, hold office, or
teach in public schools. This profile was a sur-
prising discovery, one which we think deserves
more scholarly attention to determine what might
prompt respondents to support withholding ba-
sic civil rights from a group of people that they
are quite willing to associate with as friends and
neighbors.

These profiles, which represent very different
patterns of responses toward members of objec-
tionable groups, provide a broader perspective
on Americans’ attitudes toward tolerance. The
first thing that stands out in looking at these pro-
files is the relatively high numbers of Americans
who are generally intolerant or who are willing
to deny members of their LLG even basic civil
rights. This group is roughly twice the size of any
other profile. At the other end of the spectrum,
a much lower percentage of Americans tend to
be tolerant across all of the measures that were
included in our analysis.

In addition to considerations about the quan-
titative distribution of tolerant responses, which
corresponds to a more traditional understanding
of the concept, our analysis reveals a qualita-
tive distinction between those whose tolerance
has a more political orientation and those whose
tolerance is more private. These are unique ap-
proaches to tolerance that would be missed us-
ing the traditional methods. In fact we argue
that each of these approaches—generally toler-
ant, politically tolerant, generally intolerant, and
privately tolerant—have differences that extend
beyond matters of degree to matters of form and
substance. Each profile expresses a very different
response to an objectionable group, and each re-

flects a different attitude toward those who are
disliked. If we continue to adhere to a unidimen-
sional concept of tolerance, which focuses specifi-
cally on political or social distance measures, we
miss these important distinctions.

It could be argued that rather than represent-
ing categorical differences in approaches to toler-
ance in the population, we are simply capturing
two different dimensions of tolerance—political
tolerance and private (social) tolerance or dis-
tance. This can be visualized in a simple two-by-
two table, as in Table 6. On first blush, a confir-
matory factor analysis of our variables, shown in
Figure 1, partially supports this claim. We first
attempted a factor analysis in which all of the
variables were indicators of a single latent fac-
tor of tolerance, analogous to the unidimensional
scaling approach. This resulted in a poor fit to
the data (normed chi-square: 26.64; RMSEA:
0.141; CFI: 0.796). As can be seen in Figure 1,
a two-factor model that has a political tolerance
factor and a private/social tolerance factor is a
good fit to the data. However, the political toler-
ance and private tolerance latent factors are not
orthogonal to each other, as has been claimed
in the literature (Sullivan et al. 1982). Instead,
they are significantly and relatively strongly cor-
related with each other (0.44). This correlation
means that they cannot be treated as fully sep-
arate concepts but instead are related to each
other and need to be analyzed and understood as
such. There are multiple ways to accommodate
this correlation in analysis, including structural
equation models or our chosen method of latent
class analysis.

Collectively, these findings highlight the cat-
egorical nature of the concept of tolerance. As
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Figure 1: Confirmatory Factor Analysis of Tolerance Variables

described above, some individuals are tolerant
on political indicators and intolerant on private
indicators, while others are intolerant on political
indicators and tolerant on private indicators. But
the political and the private are not independent
dimensions that can be considered apart from
each other. Rather they are strongly correlated.
Some individuals are generally intolerant on all of
the indicators, while others are generally tolerant
on all indicators. In short, these are distinct yet
related measures of tolerance.

What are the Empirical Implications
of a Categorical Approach?
The second major section of our analysis demon-
strates the relative utility of the categorical ap-
proach by comparing it to an analysis using the
more traditional, scaled method for studying po-
litical tolerance and social distance/private toler-
ance. This is important because the categorical
approach uses a more complex methodology to
measure tolerance. We show that this increase
in complexity is empirically justifiable in two
ways. First, we compare equations estimating
standard measures of tolerance and our categori-
cal tolerance measure using various demographic,
religious, political, and social context variables.
Second, we use different measures of tolerance

to estimate various outcomes. Taken together,
these analyses demonstrate that our categorical
approach is empirically preferable to a traditional
orthogonal understanding of political tolerance
and social distance.

The first analysis is shown in Table 7. On the
left is a more traditional method of estimating
tolerance, using linear regression with a stan-
dard political tolerance scale, a private tolerance
scale, and a scale that adds both political and
private tolerance as dependent variables. On
the right are the results for the same variables
using the maximum likelihood-based correction
method proposed by Vermunt (2010). The re-
sults of this method can be interpreted like a
standard multinomial logistic regression compar-
ing odds ratios for the generally intolerant class
to the other three classes. In general, while the
approaches have some similar results, the cate-
gorical approach to measuring tolerance yields a
more nuanced understanding of who is tolerant
and who intolerant. For instance, the approaches
produce similar results for the female, married,
education, income, and Conservative Protestant
variables. On other measures, however, the cate-
gorical approach reveals more nuanced patterns
of findings. In particular, in the linear regres-
sions, respondents who believe that the LLG is a
threat to society and their family are less likely

sociological science | www.sociologicalscience.com 523 November 2014 | Volume 1



Mather and Tranby New Dimensions of Tolerance

Table 7: Estimating Tolerance by Demographic, Religious, Political, and Social Context Variables

Panel A: Linear Regression Panel B: LCA with Covariates
(Ref: Generally Intolerant)

Political Private
Tolerance Tolerance Tolerance Politically Privately Generally
Scale Scale Scale Tolerant Tolerant Tolerant

Female −0.20† −0.04 −0.05∗ 0.64† 1.06 0.70
(0.00) (0.08) (0.02) (0.18) (0.22) (0.18)

Age 0.00 0.00 0.00 1.00 1.00 1.01
(0.00) (0.00) (0.00) (0.01) (0.01) (0.01)

Married −0.17∗ −0.02 −0.04∗ 0.64∗ 1.09 0.65∗

(0.08) (0.09) (0.02) (0.20) (0.24) (0.20)
Child under 18 in HH −0.03 −0.20 −0.02 1.30 0.98 0.75

(0.10) (0.10) (0.02) (0.23) (0.27) (0.22)
Black −0.23 0.29 −0.02 0.32∗ 1.57 1.06

(0.16) (0.18) (0.04) (0.52) (0.42) (0.37)
Hispanic −0.16 0.27 −0.02 0.53 1.99 0.64

(0.17) (0.18) (0.04) (0.44) (0.38) (0.39)

Education 0.20† 0.02† 0.04† 1.43† 1.05 1.31†

(0.03) (0.03) (0.01) (0.07) (0.08) (0.07)
Income 0.05∗ −0.03 0.01 1.12∗ 0.92 1.09

(0.02) (0.03) (0.01) (0.06) (0.07) (0.06)

Conservative Protestant −0.20† −0.09 −0.04 0.52† 0.80 0.83
(0.09) (0.10) (0.02) (0.23) (0.27) (0.23)

Catholic −0.14 −0.08 −0.03 0.63∗ 0.89 0.88
(0.10) (0.11) (0.03) (0.24) (0.30) (0.25)

No Religious Affiliation 0.09 0.02 0.02 1.11 0.92 1.26
(0.15) (0.15) (0.04) (0.34) (0.45) (0.33)

Religious Saliency −0.10 −0.13 −0.02 1.15 1.07 0.71
(0.10) (0.11) (0.02) (0.24) (0.30) (0.23)

Republican 0.03 −0.15 0.02 1.20 0.67∗ 1.27
(0.09) (0.10) (0.02) (0.23) (0.29) (0.24)

Independent 0.04 −0.13 0.03 1.34 0.76∗ 1.30
(0.09) (0.10) (0.02) (0.22) (0.27) (0.21)

Member of Civic Org. 0.11 0.04 0.02 0.91 0.90 1.51∗

(0.08) (0.08) (0.02) (0.19) (0.22) (0.19)
County Population Density 0.00 0.00 0.00 1.00 1.00 1.00

(0.00) (0.00) (0.00) (0.00) (0.00) (0.00)
County Diversity Index 0.06 0.14 0.02 0.55 0.76 1.46

(0.20) (0.21) (0.05) (0.49) (0.60) (0.49)

LLG is Likely to Gain Power −0.02 −0.10 −0.01 0.70 0.50† 0.86
(0.08) (0.09) (0.02) (0.20) (0.26) (0.20)

LLG is a Threat to Society −0.27∗ −0.72† −0.07∗ 1.42 0.47† 0.63
(0.11) (0.13) (0.03) (0.34) (0.30) (0.28)

LLG is a Threat to My Family −0.21∗ −0.52† −0.06∗ 0.72 0.47† 0.46†

(0.09) (0.10) (0.02) (0.24) (0.26) (0.23)
Constant 2.36 3.39 0.34 0.17∗ 0.80 0.39

(0.27) (0.30) (0.07) (0.69) (0.79) (0.66)

Note: LCA estimates in Panel B estimated using ML Method. Cell entries in Panel A are coefficient
estimates; in Panel B, Odds Ratios. Standard errors are in parentheses.
† p < 0.01; ∗ p < 0.05.
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to be tolerant across all the measures. The cat-
egorical approach adds nuance in showing that
respondents who believe that the LLG is a threat
to society and their family are less likely to be
generally tolerant or privately tolerant, but are
no more or less likely to be politically tolerant.8
The latent class models allow us to uncover rela-
tionships that were hidden by using a standard
additive scale with OLS regression. For example,
African Americans and Catholics are less likely to
be politically tolerant than generally intolerant.
In addition, Republicans and political indepen-
dents are less likely to be privately tolerant than
Democrats. Being a member of a civic organi-
zation is associated with being more generally
tolerant of one’s LLG. Private tolerance is gener-
ally associated with believing that the least liked
groups are unlikely to come to power.

Regardless of the estimation technique, the
results in Table 7 reveal that there are important
insights to be gained from considering public and
private tolerance as interrelated ideas. Three sets
of variables in the LCA provide demonstrative
examples. First, results show that Conservative
Protestants and Catholics are each less likely to
be politically tolerant than generally intolerant
when compared to people from other religions.
This suggests that the concerns that members of
these religious traditions have about their least
liked groups are significant enough that they are
more likely than others to deny political and civil
rights to the people they oppose. These findings
demonstrate that religious tradition is an impor-
tant indicator of tolerant attitudes, contrary to
Eisenstein (2006), who argues that a more uni-
versal model of religion is appropriate. Findings
for the Republican and Independent variables
provide another interesting distinction. These
results show that members of these two parties
are less likely to be privately tolerant than mem-
bers of the comparison group (Democrats). This
indicates that when compared to Republicans
and Independents, some Democrats are more ac-
cepting of difference in their personal lives while
maintaining a willingness to limit the potential
impact that members of an LLG may have in the

8We developed models that did not include these at-
titudes as predictors, in order to ensure that including
them did not mediate the effect of other variables. Models
with and without these attitudes had substantively similar
findings.

political and social realm. This finding is unique
to our analysis, and we cannot identify a similar
set of findings in the tolerance or social distance
literature. Finally, many studies have shown the
positive effect of volunteering and education on
political tolerance (Sullivan et al. 1982). Our
study shows that these factors alone are most
positively associated with tolerance across the
board, increasing the likelihood that someone
will be generally tolerant.

The second analysis is shown in Table 8. In
this analysis, we use the different tolerance mea-
sures, along with the set of various demographic,
religious, political, and social context variables
used in the previous analyses, to predict three out-
comes. First, respondents were asked the extent
to which they agreed with the statement, “Society
shouldn’t have to put up with those who have po-
litical ideas that are extremely different from the
views of the majority.” Second, respondents were
asked how much they agreed with the statement,
“No matter what a person’s political beliefs are,
he or she is entitled to the same legal rights and
protections as anyone else.” Finally, we assess the
extent to which tolerance affected voting patterns
in the 2008 presidential race. These variables are
widely used in the tolerance literature, although
there is debate on whether they are outcomes
or predictors of tolerance (Gibson 2013). In Ta-
ble 8, we predict these dependent variables using
standard additive scales for political and private
tolerance. (We also tried including an interac-
tion between these two additive scales as well as
an additive scale of all the tolerance measures.
These two variables were never significant and
so are not shown here.) We then predict these
dependent variables using a categorical variable
that modally assigns respondents to one of the
four dimensions of tolerance. In these models,
the generally intolerant are the reference group.

In the models in Table 8, we are primarily
interested in the extent to which our categorical
measure of tolerance produces a better fit to the
data by capturing a greater share of the variance
in the dependent variable or correctly classifying
a greater proportion of cases. In this regard, our
models do quite well. Across all the equations,
the adjusted r-squared, pseudo r-squared, and
percentage of cases correctly classified is larger in
the models that include the categorical measure.
The magnitude of the change is not huge, but
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Table 8: Using Different Tolerance Measures to Estimate Various Outcomes

Oppose Extreme All Are Entitled To Voted for
Political Ideologies Legal Protections Obama in 08
(OLS Regression) (OLS Regression) (Logistic Regr.)

Variable (1) (2) (1) (2) (1) (2)

Panel A: Additive and Interactive Tolerance

Political Tolerance Scale −0.34† −0.06 0.06† 0.05∗ 1.19∗ 1.10
(0.03) (0.04) (0.02) (0.02) (0.07) (0.10)

Private Tolerance Scale 0.03 0.00 −0.02 −0.03 0.93 1.04
(0.03) (0.03) (0.02) (0.02) (0.06) (0.09)

Constant 3.01† 3.03† 4.58† 4.84† 0.54† 1.69
(0.10) (0.30) (0.06) (0.18) (0.21) (0.90)

Adjusted R2 0.08 0.17 0.01 0.01
Pseudo R2 0.01 0.37
% of Cases Correctly Classified 54.52 75.44

Panel B: Categorical Tolerance

Politically Tolerant −0.77† −0.57† 0.15∗ 0.16∗ 1.12∗ 1.49∗

(0.10) (0.11) (0.06) (0.07) (0.20) (0.31)
Generally Tolerant −0.86† −0.68† 0.17† 0.15† 1.24∗ 1.29∗

(0.10) (0.11) (0.06) (0.06) (0.20) (0.32)
Privately Tolerant −0.09 −0.15 −0.05 −0.04 1.31∗ 1.42∗

(0.11) (0.13) (0.07) (0.08) (0.26) (0.38)
Constant 2.58† 2.72† 4.62† 4.83† 0.70 2.33

(0.06) (0.29) (0.03) (0.17) (0.13) (0.88)

Adjusted R2 0.12 0.22 0.03 0.03
Pseudo R2 0.07 0.42
% of Cases Correctly Classified 59.90 82.36

Notes: See tables S1 and S2 in Supplemental materials for tables containing control variables. Cell
entries for OLS regressions are coefficients; for logistic regressions, Odds Ratios. Standard errors are
in parentheses.
† p < 0.01; ∗ p < 0.05.

likelihood ratio tests of the models show that
the categorical measure produces a significantly
better fit to the data. A secondary consideration
is whether the tolerance measures are mediated by
the inclusion of other variables in the model. In
this as well, the categorical measures win out. For
both the first and third models, the additive scale
of tolerance is fully mediated by other variables,
but the categorical indicators remain significant
even with the inclusion of additional variables.

Taken together, these two sets of analyses
show that our categorical measures produce a
clearer understanding of the underlying multidi-

mensionality in attitudes, yield a more nuanced
result when associated with predictors of inter-
est, and provide a better fit to various outcomes.
These findings reinforce our broader point that
tolerance, political tolerance, and private toler-
ance/social distance are related concepts that
should not be explored in isolation.

Discussion and Conclusion
In this paper, we develop a broader, multifaceted
conceptualization of tolerance which operational-
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izes traditional tolerance measures along with
social distance measures to uncover four distinct
categories of tolerant attitudes. The first cate-
gory, which we call generally intolerant, is made
up of people who are highly unlikely to grant civil
liberties to or personally associate with members
of their LLG. The second group, dubbed politi-
cally tolerant, is willing to extend civil liberties
to their LLG but is unwilling to associate with
them as neighbors or friends. Third, respondents
in the generally tolerant profile are both willing
to afford members of their LLG a broad range of
political rights and open to associating with them
on a more personal level. Finally, the privately
tolerant category is made up of people who are
likely to accept members of the LLG as neighbors
and friends but are generally unwilling to offer
them a number of civic freedoms. These pro-
files represent very different patterns of responses
toward members of objectionable groups that can-
not be accounted for using traditional methods
for studying tolerance. In addition to providing a
clearer conceptual depiction of people’s tolerant
responses, our approach produces models that
allow for a more nuanced understanding than the
traditional approach using linear scales.

The findings from our research make an im-
portant contribution to the study of tolerance
and social distance. First, by uncovering new
categorical patterns of tolerant responses to ob-
jectionable groups, we have provided a fuller pic-
ture of tolerant and intolerant attitudes that is
more nuanced and complex than the traditional
unidimensional approach in both the tolerance
and social distance literatures. We have shown
that intolerance is not just a matter of degree;
instead, there are important differences of form
and substance that need to be accounted for in
ongoing research. These differences have impli-
cations for our understanding of people’s varied
approaches to tolerating their LLG.

Second, we make a theoretical and method-
ological argument that political tolerance and
private tolerance are tightly related concepts that
should not be explored in separate literatures, as
they have been up until now. Instead, our results
point to the existence of subcategories of both
public and private tolerance along with broad
categories of tolerance and intolerance that com-
bine them both. These interrelated ideas, and

the nature of their relationship, warrant further
exploration and elaboration.

Third, our full regression models have pro-
vided insight into the demographic, religious, and
political composition of the four tolerance pro-
files. Although our models provide a clear ini-
tial description of these profiles, they could be
expanded to explore other theoretical questions
such as: What other types of people might fit
into each of the profiles? Why do they fit into
their respective profiles? Does it have something
to do with the nature of their LLG or the threat
that they perceive from them, or is it related to
other factors? What impact do these different
approaches to tolerance have on political and so-
cial interactions? These are important questions
to pursue in future research.

Our regression analysis also demonstrated
that there are important insights to be gained
from considering public and private tolerance as
interrelated ideas. In particular, they add nu-
ance to our understanding of specific religious
and political approaches to tolerance and provide
evidence for the broad impact that education
and volunteering have on tolerant responses. Al-
though these were not specifically addressed in
detail in the discussion above, our models showed
that a categorical approach can also provide new
insight into the effects that gender, marriage,
income, and race can have on tolerance.

Finally, ongoing research should address an
important limitation of this study. Our dataset
included only six potential tolerant responses to
an LLG, including just two items from the social
distance literature. Future research could pro-
vide more and different options, which may reveal
other categorical distinctions that can generate
new conceptualizations of tolerance. Additionally,
there may be other ways to explore correlations
and distinctions in tolerance responses. For in-
stance, Harell (2010) takes another approach by
distinguishing between people who are intolerant
of hate groups and those who are intolerant of
other types of objectionable groups.

Tolerance is a complex and multifaceted is-
sue. Although social scientists have done much
in the last sixty years to delineate the concept
and describe its antecedents, more can be done
to refine and expand our understanding. This
article points in potentially promising directions
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by focusing attention on the possibility of using
categories instead of unidimensional scales for
studying tolerance.

References
AAPOR. 2011. Standard Definitions: Final

Dispositions of Case Codes and Outcome
Rates for Surveys. Retrieved January
11, 2012 (http://www.aapor.org/AM/
Template.cfm?Section$=$Standard_
Definitions2{&}Template$=$/CM/
ContentDisplay.cfm{&}ContentID$=
$3156).

Baldassarri, Delia and Andrew Gelman. 2008.
“Partisans without Constraint: Political Po-
larization and Trends in American Pub-
lic Opinion.” American Journal of Sociol-
ogy 114(2):408–446. http://dx.doi.org/10.
1086/590649.

Bobo, Lawrence and Frederick C. Licari. 1989.
“Education and Political Tolerance: Testing
the Effects of Cognitive Sophistication and
Target Group Affect.” The Public Opin-
ion Quarterly 53(3):285–308. http://dx.doi.
org/10.1086/269154.

Bogardus, Emory S. 1959. Social Distance. Los
Angeles: University of Southern California
Press.

Bolck, Annabel, Marcel A. Croon, and Jacques
A. Hagenaars. 2004. “Estimating Latent
Structure Models with Categorical Variables:
One-Step versus Three-Step Estimators.” Po-
litical Analysis 12(1):3–27. http://dx.doi.
org/10.1093/pan/mph001.

Burdette, Amy M., Christopher G. Ellison,
and Terrence D. Hill. 2005. “Con-
servative Protestantism and Tolerance to-
ward Homosexuals: An Examination of
Potential Mechanisms.” Sociological In-
quiry 75(2):177–196. http://dx.doi.org/
10.1111/j.1475-682X.2005.00118.x.

Cigler, Allan and Mark R. Joslyn. 2002. “The
Extensiveness of Group Membership and So-
cial Capital: The Impact on Political Toler-
ance Attitudes.” Political Research Quarterly
55(1):7–25. http://dx.doi.org/10.1177/
106591290205500101.

Clogg, Clifford C. 1981. “New Developments in
Latent Structure Analysis.” Pp. 215–246 in
Factor Analysis and Measurement in Socio-
logical Research, edited by D. Jackson and E.
Borgotta. Thousand Oaks, CA: Sage.

Côté, Rochelle R. and Bonnie H. Erickson.
2009. “Untangling the Roots of Tolerance:
How Forms of Social Capital Shape At-
titudes toward Ethnic Minorities and Im-
migrants.” American Behavioral Scientist
52(12):1664–1689. http://dx.doi.org/10.
1177/0002764209331532.

Cutler, Stephen J. and Robert L. Kaufman.
1975. “Cohort Changes in Political Atti-
tudes: Tolerance of Ideological Nonconfor-
mity.” Public Opinion Quarterly 39(1):69–81.
http://dx.doi.org/10.1086/268200.

Council on Market and Opinion Research
(CMOR). 2003. Tracking Response, Coop-
eration, and Refusal Rates for the Industry:
2003 Results. Wethersfield, CT: Council on
Market and Opinion Research.

Davis, James A. 1975. “Communism, Confor-
mity, Cohorts and Categories: American Tol-
erance in 1954 and 1972–73.” American
Journal of Sociology 81(3):491–513. http:
//dx.doi.org/10.1086/226105.

Edgell, Penny, Joseph Gerteis, and Douglas
Hartmann. 2006. “Atheists as ’Other:’
Moral Boundaries and Cultural Membership
in American Society.” American Sociological
Review 71(2):211–234. http://dx.doi.org/
10.1177/000312240607100203.

Eisenstein, Marie A. 2006. “Rethinking the
Relationship between Religion and Politi-
cal Tolerance in the US.” Political Behav-
ior 28(4):327–348. http://dx.doi.org/10.
1007/s11109-006-9014-5.

Eisenstein, Marie A. 2004. “Religion, Tolerance
and Democracy: Rethinking the Role of Re-
ligion.” Ph.D. dissertation, Political Science
Department, Purdue University.

Ethington, Philip J. 1997. “The Intellectual
Construction of ’Social Distance:’ Toward
a Recovery of Georg Simmel’s Social Ge-
ometry.” CyberGeo: European Journal of
Geography. Retrieved May 31, 2012 (http:
//cybergeo.revues.org/227).

sociological science | www.sociologicalscience.com 528 November 2014 | Volume 1

http://www.aapor.org/AM/Template.cfm?Section$=$Standard_ Definitions2{&}Template$=$/CM/ContentDisplay.cfm{&}ContentID$=$3156
http://www.aapor.org/AM/Template.cfm?Section$=$Standard_ Definitions2{&}Template$=$/CM/ContentDisplay.cfm{&}ContentID$=$3156
http://www.aapor.org/AM/Template.cfm?Section$=$Standard_ Definitions2{&}Template$=$/CM/ContentDisplay.cfm{&}ContentID$=$3156
http://www.aapor.org/AM/Template.cfm?Section$=$Standard_ Definitions2{&}Template$=$/CM/ContentDisplay.cfm{&}ContentID$=$3156
http://www.aapor.org/AM/Template.cfm?Section$=$Standard_ Definitions2{&}Template$=$/CM/ContentDisplay.cfm{&}ContentID$=$3156
http://dx.doi.org/10.1086/590649
http://dx.doi.org/10.1086/590649
http://dx.doi.org/10.1086/269154
http://dx.doi.org/10.1086/269154
http://dx.doi.org/10.1093/pan/mph001
http://dx.doi.org/10.1093/pan/mph001
http://dx.doi.org/10.1111/j.1475-682X.2005.00118.x
http://dx.doi.org/10.1111/j.1475-682X.2005.00118.x
http://dx.doi.org/10.1177/106591290205500101
http://dx.doi.org/10.1177/106591290205500101
http://dx.doi.org/10.1177/0002764209331532
http://dx.doi.org/10.1177/0002764209331532
http://dx.doi.org/10.1086/268200
http://dx.doi.org/10.1086/226105
http://dx.doi.org/10.1086/226105
http://dx.doi.org/10.1177/000312240607100203
http://dx.doi.org/10.1177/000312240607100203
http://dx.doi.org/10.1007/s11109-006-9014-5
http://dx.doi.org/10.1007/s11109-006-9014-5
http://cybergeo.revues.org/227
http://cybergeo.revues.org/227


Mather and Tranby New Dimensions of Tolerance

Gibson, James L. 2013. “Measuring Political
Tolerance and General Support for Pro-Civil
Liberties Policies: Notes, Evidence, and Cau-
tions.” Public Opinion Quarterly 77(Special
Issue):45–68. http://dx.doi.org/10.1093/
poq/nfs073.

Gibson, James L. 2005a. “On the Nature of Tol-
erance: Dichotomous or Continuous?” Politi-
cal Behavior 27(4):313–323. http://dx.doi.
org/10.1007/s11109-005-3764-3.

Gibson, James L. 2005b. “Parsimony in the Study
of Tolerance and Intolerance.” Political Be-
havior 27(4):339–345. http://dx.doi.org/
10.1007/s11109-005-7408-4.

Gibson, James L. and Richard D. Bingham.
1982. “On the Conceptualization and Mea-
surement of Political Tolerance.” The Amer-
ican Political Science Review 76(3):603–620.
http://dx.doi.org/10.2307/1963734.

Golebiowska, Ewa A. 1999. “Gender Gap
in Political Tolerance.” Political Behavior
21(1):43–66. http://dx.doi.org/10.1023/
A:1023396429500.

Golebiowska, Ewa A. 2001. “Individual-Targeted
Tolerance and Timing of Group Member-
ship Disclosure.” The Journal of Politics
63(4):1017–1040. http://dx.doi.org/10.
1111/0022-3816.00099.

Golebiowska, Ewa A. 2000. “The Etiology
of Individual-Targeted Intolerance: Group
Stereotypes and Judgments of Individ-
ual Group Members.” Political Psychol-
ogy 21(3):443–464. http://dx.doi.org/10.
1111/0162-895X.00198.

Golebiowska, Ewa A. 1996. “The ’Pictures in Our
Heads’ and Individual-Targeted Tolerance.”
The Journal of Politics 58(4):1010–1034.
http://dx.doi.org/10.2307/2960147.

Goodman, Leo A. 1974. “The Analysis of Sys-
tems of Qualitative Variables When Some of
the Variables Are Unobservable. Part I—A
Modified Latent Structure Approach.” Amer-
ican Journal of Sociology 79(5):1179–1259.
http://dx.doi.org/10.1086/225676.

Graham, John W. 2009. “Missing Data
Analysis: Making It Work in the Real
World.” Annual Review of Psychology
60:549–576. http://dx.doi.org/10.1146/
annurev.psych.58.110405.085530.

Hagenaars, Jacques A. and Allan L. McCutcheon.
2002. “Preface.” Pp. xi–xxii in Applied Latent
Class Analysis. edited by Jacques A. Hage-
naars and Allan L. McCutcheon. Cambridge:
Cambridge University Press.

Halperin, Eran, Ami Pedahzur, and Daphna
Canetti-Nisim. 2007. "“Psychoeconomic
Approaches to the Study of Hostile Atti-
tudes toward Minority Groups: A Study
among Israeli Jews.” Social Science Quar-
terly 88(1):177–198. http://dx.doi.org/10.
1111/j.1540-6237.2007.00453.x.

Harell, Allison. 2010. “The Limits of Tol-
erance in Diverse Societies: Hate Speech
and Political Tolerance Norms among
Youth.” Canadian Journal of Political Sci-
ence 43(2):407–432. http://dx.doi.org/10.
1017/S0008423910000107.

Hurwitz, Jon and Jeffery J. Mondak. 2002.
“Democratic Principles, Discrimination and
Political Intolerance.” British Journal of Po-
litical Science 32(1):93–118. http://dx.doi.
org/10.1017/S0007123402000042.

Karakayali, Nedim. 2009. “Social Distance
and Affective Orientations.” Sociological Fo-
rum 24(3):538–562. http://dx.doi.org/10.
1111/j.1573-7861.2009.01119.x.

Kass, Robert E. and Larry Wasserman. 1995. “A
Reference Bayesian Test for Nested Hypothe-
ses and Its Relationship to the Scharz Crite-
rion.” Journal of the American Statistical As-
sociation 90(431):773–795. http://dx.doi.
org/10.1080/01621459.1995.10476572.

Keeter, Scott, Carolyn Miller, Andrew Kohut,
Robert M. Groves, and Stanley Presser. 2000.
“Consequences of Reducing Nonresponse in
a National Telephone Survey.” Public Opin-
ion Quarterly 64(2):125–148. http://dx.doi.
org/10.1086/317759.

Lamont, Michele and Virag Molnar. 2002.
“The Study of Boundaries in the Social
Sciences.” Annual Review of Sociology
28:167–195. http://dx.doi.org/10.1146/
annurev.soc.28.110601.141107.

Lazarsfeld, Paul F. 1950. “The Logical and Math-
ematical Foundation of Latent Structure Anal-
ysis and the Interpretation and Mathemati-
cal Foundation of Latent Structure Analysis.”
Pp. 362–472 in Measurement and Prediction,

sociological science | www.sociologicalscience.com 529 November 2014 | Volume 1

http://dx.doi.org/10.1093/poq/nfs073
http://dx.doi.org/10.1093/poq/nfs073
http://dx.doi.org/10.1007/s11109-005-3764-3
http://dx.doi.org/10.1007/s11109-005-3764-3
http://dx.doi.org/10.1007/s11109-005-7408-4
http://dx.doi.org/10.1007/s11109-005-7408-4
http://dx.doi.org/10.2307/1963734
http://dx.doi.org/10.1023/A:1023396429500
http://dx.doi.org/10.1023/A:1023396429500
http://dx.doi.org/10.1111/0022-3816.00099
http://dx.doi.org/10.1111/0022-3816.00099
http://dx.doi.org/10.1111/0162-895X.00198
http://dx.doi.org/10.1111/0162-895X.00198
http://dx.doi.org/10.2307/2960147
http://dx.doi.org/10.1086/225676
http://dx.doi.org/10.1146/annurev.psych.58.110405.085530
http://dx.doi.org/10.1146/annurev.psych.58.110405.085530
http://dx.doi.org/10.1111/j.1540-6237.2007.00453.x
http://dx.doi.org/10.1111/j.1540-6237.2007.00453.x
http://dx.doi.org/10.1017/S0008423910000107
http://dx.doi.org/10.1017/S0008423910000107
http://dx.doi.org/10.1017/S0007123402000042
http://dx.doi.org/10.1017/S0007123402000042
http://dx.doi.org/10.1111/j.1573-7861.2009.01119.x
http://dx.doi.org/10.1111/j.1573-7861.2009.01119.x
http://dx.doi.org/10.1080/01621459.1995.10476572
http://dx.doi.org/10.1080/01621459.1995.10476572
http://dx.doi.org/10.1086/317759
http://dx.doi.org/10.1086/317759
http://dx.doi.org/10.1146/annurev.soc.28.110601.141107
http://dx.doi.org/10.1146/annurev.soc.28.110601.141107


Mather and Tranby New Dimensions of Tolerance

edited by S. A. Stouffer, L. Guttman, E. A.
Suchman, P. F. Lazarsfeld, S. A. Starr, and J.
A. Clausen. Princeton, NJ: Princeton Univer-
sity Press.

Lazarsfeld, Paul and Neil Henry. 1968. Latent
Structure Analysis. New York: Houghton-
Mifflin.

Link, Michael W., Michael P. Battaglia, Mar-
tin R. Frankel, Larry Osborn, and Ali H.
Mokdad. 2008. “A Comparison of Address-
Based Sampling (ABS) Versus Random-Digit
Dialing (RDD) for General Population Sur-
veys.” Public Opinion Quarterly 72(1):6–27.
http://dx.doi.org/10.1093/poq/nfn003.

Little, Roderick and Donald Rubin. 2002. Sta-
tistical Analysis with Missing Data. 2nd ed.
Hoboken, NJ: Wiley. http://dx.doi.org/
10.1002/9781119013563.

Maralani, Vida. 2013. “The Demography of So-
cial Mobility: Black-White Differences in the
Process of Educational Reproduction.” Amer-
ican Journal of Sociology 118(6):1509–1558.
http://dx.doi.org/10.1086/670719.

Marcus, George E., John L. Sullivan, Elizabeth
Theiss-Morse, and Sandra Wood. 1995. With
Malice Towards Some: How People Make Civil
Liberties Judgments. New York: Cambridge
University Press. http://dx.doi.org/10.
1017/CBO9781139174046.

McClosky, Herbert. 1964. “Consensus and Ide-
ology in American Politics.” American Po-
litical Science Review 58(2):361–382. http:
//dx.doi.org/10.2307/1952868.

McCutcheon, Alan L. 1987. Latent Class Anal-
ysis. No. 64, Series on Quantitative Appli-
cations in the Social Sciences. London: Sage
Publications.

McLachlan, Geoffrey J. and David Peel. 2000.
Finite Mixture Modeling. New York: Wiley.
http://dx.doi.org/10.1002/0471721182.

Mondak, Jeffery J. and Mitchell S. Sanders. 2005.
“The Complexity of Tolerance and Intolerance
Judgments: A Response to Gibson.” Polit-
ical Behavior 27(4):325–337.http://dx.doi.
org/10.1007/s11109-005-7407-5.

Nylund, Karen L., Tihomir Asaparouhov, and
Bengt O. Muthen. 2007. “Deciding on the
Number of Classes in Latent Class Analy-
sis and Growth Mixture Modeling: A Monte

Carlo Simulation Study.” Structural Equa-
tion Modeling 14(4):535–569. http://dx.
doi.org/10.1080/10705510701575396.

Parrillo, Vincent N. 2006. Strangers to the Shores.
8th ed. New York: Pearson.

Parrillo, Vincent N. and Christopher Donoghue.
2005. “Updating the Bogardus Social Distance
Studies: A New National Survey.” The Social
Science Journal 42(2):257–271. http://dx.
doi.org/10.1016/j.soscij.2005.03.011.

Pew Research Center for People and the
Press. 2004. “Polls Face Growing Resis-
tance, But Still Representative.” Wash-
ington: Pew Research Center for Peo-
ple and the Press. Retrieved January
11, 2012 (http://www.people-press.org/
files/legacy-pdf/211.pdf).

Prothro, James W. and Charles M. Grigg. 1960.
“Fundamental Principles of Democracy: Bases
of Agreement and Disagreement.” Journal of
Politics 22(2):276–294. http://dx.doi.org/
10.2307/2127359.

Putnam, Robert. 2000. Bowling Alone: The
Collapse and Revival of American Community.
New York: Simon & Schuster.

Schlueter, Elmar and Peer Scheepers. 2010. “The
Relationship between Outgroup Size and Anti-
Outgroup Attitudes: A Theoretical Synthesis
and Empirical Test of Group Threat and In-
tergroup Contact Theory.” Social Science Re-
search 39(2):285–295. http://dx.doi.org/
10.1016/j.ssresearch.2009.07.006.

Schumaker, Randall E. and Richard G. Lomax.
2010. A Beginner’s Guide to Structural Equa-
tion Modeling. 3rd Edition. New York: Rout-
ledge.

Stouffer, Samuel A. 1955. Communism, Confor-
mity, and Civil Liberties: A Cross-Section of
the Nation Speaks Its Mind. Garden City,
NY: Doubleday & Company, Inc.

Sullivan, John L, James Piereson, and George
E. Marcus. 1982. Political Tolerance and
American Democracy. Chicago: University of
Chicago Press.

Sullivan, John L, James Piereson, George E. Mar-
cus. 1979. “An Alternative Conceptualiza-
tion of Political Tolerance: Illusory Increases,
1950s–1970s.” American Political Science Re-

sociological science | www.sociologicalscience.com 530 November 2014 | Volume 1

http://dx.doi.org/10.1093/poq/nfn003
http://dx.doi.org/10.1002/9781119013563
http://dx.doi.org/10.1002/9781119013563
http://dx.doi.org/10.1086/670719
http://dx.doi.org/10.1017/CBO9781139174046
http://dx.doi.org/10.1017/CBO9781139174046
http://dx.doi.org/10.2307/1952868
http://dx.doi.org/10.2307/1952868
http://dx.doi.org/10.1002/0471721182
http://dx.doi.org/10.1007/s11109-005-7407-5
http://dx.doi.org/10.1007/s11109-005-7407-5
http://dx.doi.org/10.1080/10705510701575396
http://dx.doi.org/10.1080/10705510701575396
http://dx.doi.org/10.1016/j.soscij.2005.03.011
http://dx.doi.org/10.1016/j.soscij.2005.03.011
http://www.people-press.org/files/legacy-pdf/211.pdf
http://www.people-press.org/files/legacy-pdf/211.pdf
http://dx.doi.org/10.2307/2127359
http://dx.doi.org/10.2307/2127359
http://dx.doi.org/10.1016/j.ssresearch.2009.07.006
http://dx.doi.org/10.1016/j.ssresearch.2009.07.006


Mather and Tranby New Dimensions of Tolerance

view 73(3):781–794. http://dx.doi.org/10.
2307/1955404.

Sullivan, John L., Michal Shamir, Patrick Walsh,
and Nigel Roberts. 1985. Political Tolerance
in Context: Support for Unpopular Minorities
in Israel, New Zealand, and the United States.
Boulder, CO: Westview Press.

Vermunt, Jeroen K. 1997. Log-Linear Models
for Event Histories. Series on Quantitative
Applications in the Social Sciences. Thousand
Oaks, CA: Sage.

Vermunt, Jeroen K. and Jay Magidson. 2004.
“Latent class analysis.” Pp. 549–553 in The
Sage Encyclopedia of Social Sciences Research
Methods, edited by M. S. Lewis-Beck, A. E.
Bryman, and T. F. Liao. Thousand Oaks,
CA: Sage Publications.

Vermunt, Jeroen K. 2010. “Latent Class
Modeling with Covariates: Two Improved
Three-Step Approaches.” Political Analy-
sis 18(4):450–469. http://dx.doi.org/10.
1093/pan/mpq025.

Warren, Mark. E. 2001. Democracy and Associ-
ations. Princeton, NJ: Princeton University
Press.

Weaver, Charles N. 2008. “Social Distance as a
Measure of Prejudice among Ethnic Groups in
the United States.” Journal of Applied Social
Psychology 38(3):779–795. http://dx.doi.
org/10.1111/j.1559-1816.2007.00326.x.

Weldon, Steven A. 2006. “The Institutional Con-
text of Tolerance for Ethnic Minorities: A
Comparative, Multilevel Analysis of Western
Europe.” American Journal of Political Sci-
ence 50(2):331–349. http://dx.doi.org/10.
1111/j.1540-5907.2006.00187.x

Yamaguchi, Kazuo. 2000. “Multinomial Logit
Latent-Class Regression Models: An Analysis
of the Predictors of Gender-Role Attitudes
among Japanese Women.” American Journal
of Sociology 105(6):1702–1740. http://dx.
doi.org/10.1086/210470.

Acknowledgements: This research was generously
supported by a grant from the Henry Institute.
The authors are grateful for feedback received
during presentations at the American Sociolog-
ical Association annual meetings, Midwest So-
ciological Society, and the Moberg Conference
on Sociological Perspectives on Reconciliation.

Darin M. Mather: Crown College.
E-mail: matherd@crown.edu.

Eric Tranby: University of Delaware.
E-mail: tranbye@gmail.com.

sociological science | www.sociologicalscience.com 531 November 2014 | Volume 1

http://dx.doi.org/10.2307/1955404
http://dx.doi.org/10.2307/1955404
http://dx.doi.org/10.1093/pan/mpq025
http://dx.doi.org/10.1093/pan/mpq025
http://dx.doi.org/10.1111/j.1559-1816.2007.00326.x
http://dx.doi.org/10.1111/j.1559-1816.2007.00326.x
http://dx.doi.org/10.1111/j.1540-5907.2006.00187.x
http://dx.doi.org/10.1111/j.1540-5907.2006.00187.x
http://dx.doi.org/10.1086/210470
http://dx.doi.org/10.1086/210470

